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Research on Recommendation Algorithm based on Knowledge Graph
XUE Yanbin,WANG Hongsheng
(School of information science and engineering, Shenyang University of Technology, Shen Yang 110870)
Abstract: Exploiting the external information called knowledge graph to recommendation has shown to effectively alleviate the
data sparsity problem of recommendation system. Article proposes an end-to-end neural network model. We use a graph atten-
tion mechanism to replace the offline meta-path method based on similarity or commuting exchange matrix. In addition, accord-
ing to the different entity types of items in the knowledge graph, we propose a multi-view memory attention network to learn

more profound item features. Experiments on MovieLens dataset show the effectiveness of our model significantly outperform

baseline model for Top-N recommendation.
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